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Task

Given an image of a bird, we wish to accurately determine not only where a keypoint is, but
whether it is visible. With this information, we can use tight boxes around pre-defined sets of
points to localize regions such as heads and torsos, which can in turn be used for part alignment
for bird species classification.

Training
We train a network to predict keypoint location and visibilities from image subcrops. We sample multiple EdgeBoxes and generate
associated normalized keypoint locations and visibility masks. These are fed as training data into an AlexNet architecture with a

multi-task loss. For improved performance, background-only crops are added as negatives. O
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Results and Analysis
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Correctly llocazed bir parts and some failure cases

We evaluate our model’s localization and visibility accuracies with the standard metrics of PCP (Percent Correct Parts), AE (Average
Error), FVR/FIR (False Visibility and Invisibility Rates) and demonstrate state-of-the-art results. The keypoint predictions are then

used to localize head and torso parts, which we use for alignment in the species classification task. We thus demonstrate the good
performance and usefulness of multiple predictions and consensus through a framework which is simpler than previous methods.
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